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Table/5. /, paired samples comparison

B ot AOAEL AL AN it Moo b thisdotset

Black-Scholes Market Price Differences
Mean 21.4778 21.58 ~-0.102209
vVariance 104.888 101.118 1.410153
std. deviation 10.2415 10.0887 1.1875

95% confidence intervals for differences:

Mean: (-0.253529,0.0491108) A-CC@P{"’YU«‘—Q«Q AJ?}/P

Variance: (1.18749,1.70225)
Std. deviation: (1.08972,1.3047)
Sample size N = 239

f%ﬁd‘M ﬁ% %son@;:‘-h Neural Hem
Network Market Price Differences

Mean 21.0799 21.5785 -0.498506
Variance 85,9599 100.656 1.78591
Std. deviation 9,79591 10,0328 1.33638
95% confidence intervals for differences:

Mean: (-0.668798,*0.328215)

Variance: ., {1.50392,2.15585)

std. deviation: (1.22634,1.46828)
Sample size N = 239
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Table {._put—of—the—money, paired samples comparison

Paired Samples Comparison with Black-Scholes

Black-Scholes ¥arket Priace Differences
Mean 3.96412 3.45731 ' 6.506307
Variance 5.88913 $.57354
std. deviation 2.42675 2.36084

95%

Sample size N = 224

bnfidence inte for differences: .
&é;;; (0.394979,0.618635 fmmmmm CruJbL{VxJCA—wéi
Variance: (0.604129,0.87643%) .

3td. deviation: (0.777257,0.936181)

Paired Samples Comparison with Neural HWetworks

Network Market Price Differences

Mean 3.33894 | 3.45731 -0.118374
Variance 4.84811 5.57354 F
std. deviation 2.20184 2.36084 0.487678
95% corifidence interv for differences:

Sample size N = 224

Mean: (~0.182587,—0.0541612FE:—"LbﬂNJLQA,vVLd .
Variance: (0.199193,0.288978)

Std. deviation: (0.44631,0.537566)
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Black-Scholes estimate

Neural netuork estimate
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